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Using Lists for Collecting Function Data

>>>def f(x):
return x**3 # sample function

>>>n = 5 #no of points along the x axis

S>>dx = 1.0/(n—1) # spacing between x points in [0,1]
>>>xlist = [i*dx for i in range(n)]

>>ylist
>>>pairs = [[x, y] for x, y in zip(xlist, ylist)]

[f(x) for x in xlist]

Lists are flexible

mylist = [2, 6.0, ’'tmp.ps’, [0,1]]

In cases where the elements are of the same type and the number
of elements is fixed, arrays can be used instead. The benefits of
arrays are faster computations, less memory demands, and
extensive support for mathematical operations on the data



Basics of Numerical Python Arrays

import numpy as np

To convert a list r to an array:

a = np.array(r)

To create a new array of length n:

a = np.zeros(n)

An array to have n elements with uniformly distributed values in an
interval [p, q]:

a = np.linspace(p, q, n)

a[1:-1] picks out all elements except the first and the last, but
contrary to lists, a[1:-1] is not a copy of the data in a:

b = a[l:—1]
b[2] = 0.1

will also change a[3] to 0.1



Basics of Numerical Python Arrays

alizjis] ?
al0:-1:2] ?
al::4] ?



Vectorization

Vectorization:

Operations on whole arrays, instead of using Python for loops, is
called vectorization and is very convenient and very efficient (and
an important programming technique to master)

>>>x = np.linspace(®, 1, n)
>>>y = np.zeros(n)

>>>for i in range(n):
>>>..y[i] = £(x[i])

Instead of using loops, we can use vectrorization in numpy:

>y = £(x)




Use numpy for sin, exp, ... functions instead of math:

from math import sin, cos, exp
import numpy as np
r = np.zeros(len(x))
for i in range(len(x)):
r[i] = sin(x[i])*cos(x[i])*kexp(—=x[i]**2) + 2 + x[i]**2

So to use vectorization we replace loop in the following way:

r = np.sin(x)*np.cos(x)*np.exp(—x**2) + 2 + x*k*k2

Or

from numpy import sin, cos, exp

r = sin(x)*cos(x)kexp(—x**%2) + 2 + x%¥k%*2




Vectorization Time

import numpy as np

from time import time
def f(x):

return x**3
n=1000000
x=np.linspace(1l,1000,n)

y=np.zeros(n)

t0=time ()
for i in range(n):
y[il=£(x[iD)

print ("Time without vectorization=", time(Q—t0)

t0=time ()
y=£(x)

print ("Time with vectorization=",time(Q)—t0)




Vectorization error when we use branching in functions

import numpy as np
def f(x):
if x> 0:
y=np.sin(x)
else:
y=0.0
return y
x=np.linspace(—np.pi, np.pi,100)
y=£(x)




Vectorization error when we use branching in functions

import numpy as np
def f(x):
if x> 0:
y=np.sin(x)
else:
y=0.0
return y
x=np.linspace(—np.pi, np.pi,100)
y=£(x)

import numpy as np
@np.vectorize 7 this line is needed
def f(x):
if x> 0:
y=np.sin(x)
else:
y=0.0

return y



Copying Arrays

Let x be an array. The statement a = x makes a refer to the same
array as x. Changing a will then also affect x:

>>> import numpy as np
>>> x = np.array([1l, 2, 3.5])

>>>a = x
S>> a[—1] = 3 # this changes x[—1] too!
> x

array([ 1., 2., 3.1)

Changing a without changing x requires a to be a copy of x:

>>>a = x.copy()

>>> a[—1] = 9

>>> a

array([ 1., 2., 9.1)
> x

array([ 1., 2., 3.1)




In-Place Arithmetics

The difference between a = a+b and a +=b

m In the statement a = a + b, the sum a + b is first computed,
yielding a new array, and then the name a is bound to this
new array.

m In the statement a += b, elements of b are added directly
into the elements of a (in memory). There is no hidden
intermediate array as in a = a + b. This implies that a +=b
is more efficient than a = a + b since Python avoids making
an extra array. We say that the operators +=, *=, and so on,
perform in-place arithmetics in arrays.



In-Place Arithmetics

a = (3%xx*x*x4 + 2%x + 4)/(x + 1)

The computation actually goes as follows with seven hidden arrays for
storing intermediate results:

1. rl = xx%4

2. r2 = 3x%rl

3. r3 = 2%x

4. r4 = r2 + r3
5. r5 =r4 + 4
6. r6 = x + 1

7. vr7 = r5/r6

8. a =r7

With in-place arithmetics we can get away with creating three new
arrays, at a cost of a significantly less readable code:

a= x.copy(Q
axkx= 4

ax= 3

a+= 2%Xx

a+= 4

a/=x + 1



Allocating Arrays

To make an array with the size and the type of another existing
array:

a = x.copy(Q

Or

a = np.zeros(x.shape, x.dtype)

To ensure that an object is an array:

a = np.asarray(a)




Generalized Indexing

Index slicing is the technical name for the syntax M[lower:upper:step| to extract part of an array. The slice
lower:upper:step corresponds to the index set lower, lower+step, lower+2*step, .... Such an index set can be given
explicitly too: a[range(f,t,i)]:

>>> a = np.linspace(l, 8, 8)

>>> a

array([ 1., 2., 3., 4., 5., 6., 7., 8.1)
>>> a[[1,6,7]] = 10

>>> a
array ([ 1., 10. 4., 5., 6., 10., 10.01)

>>> a[range(z 8 3)] = -2 # same as a[2:8:3] = -2
>>> a

array([ 1., 10., -2., 4., 5., —-2., 10., 10.])

We can also use boolean arrays to generate an index set:

>>> ala < 0] # pick out the negative elements of a
array([-2., -2.]1)

>>> ala < 0] = a.max()

>>> a

array([ 1., 10., 10., 4., 5., 10., 10., 10.1)

>>> # Replace elements where a is 10 by the first
>>> # elements from another array/list :

>>> ala == 10] = [10, 20, 30, 40, 50, 60, 70]

>>> a

array([ 1., 10., 20., 4., 5., 30., 40., 50.])




Find the index of value in Numpy Array

>>> a=np.array([2,3,53,12,21,32,9])
>>> np.where(a==2)

(array ([01),)

>>> np.where(a==53)

(array([2]),

>>> np.where(a>12)

(array([2, 4, 51),)




Array Type: The N-dimensional array (ndarray)

A numerical Python array has a tpye which name is ndarray:

>>> a = np.linspace(—1, 1, 3)
>>> a

array([—1., 0., 1.1)
>>> type(a)

<type ’numpy.ndarray >

To learn about ndarray see the following link:
docs.scipy.org/doc/numpy /reference/arrays.ndarray.html



Difference between arange and linspace function

>>>
>>>
>>>
>>>
>>> a
array ([ 0. s

2.77777778,
1D

>>> b
array([ 0. ,
>>> len(a)
10

>>> len(b)
10

0.5,

a=np.linspace(0,5,10)
b=np.arange(0,5,0.5) # step

# step = (5—-0)/9

=0.5

56,

555555 1.11111111, 1.66666667,
33333333, 3.88888889,

0.
3. 4.44444444,

1., 1.5, 2., 2.5, 3., 3.5, 4.

2.22222222
5.

4.51)




Shape Manipulation

The shape attribute in array objects holds the shape, i.e., the size
of each dimension. A function size returns the total number of
elements in an array.

>>> a = np.linspace(—1, 1, 6)

>>> a.shape

(6,)

>>> a.size

6

>>> a.shape = (2, 3)

>>> a.shape

2, 3)

S>> a.size # total no of elements

6

>>> a.shape = (a.size,) 7 reset shape
>>> a = a.reshape(3, 2) # alternative
>>> len(a) # no of rows

3




Two-Dimensional Numerical Python Arrays

>>> Cdegrees = [—30 + i*10 for i in range(3)]

>>> Fdegrees = [9./5%C + 32 for C in Cdegrees]

>>> table = [[C, F] for C, F in zip(Cdegrees, Fdegrees)]
>>> print(table)

[[—30, —22.0], [—20, —4.0], [—10, 14.0]]

To convert to the an array:

>>> table2 = np.array(table)
>>> print(table2)

[[—30. —22.]
[—20. —4.]
[—10. 14.]1]

>>> type(table2)
<type ’numpy.ndarray’>




Two-Dimensional Numerical Python Arrays

Access to an element in list:

S>> table[11[0]1 # table[1] is [-20,4], whose index 0 holds —20
—20

This syntax works for two-dimensional arrays too:

>>> table2[1][0]
—20.0

But there is another syntax which is more common for arrays:

>>> table2[1,0]
—20.0




Two-Dimensional Numerical Python Arrays

from numpy import empty, zeros

# Create arrays
# Creat an array with (Mr1)«(M1) zero elements

V1l = zeros([M+1, M+1], float)

# Creat a empty array with (My1)(M-1) dimension
V2 = empty([M+1, M+1], float)




Arrays products in numpy

>>> import numpy as np
>>> a=np.array([1,2,3])
>>> b=np.array([1,2,3])
>>> axb

array([1, 4, 91)




Matrix Objects

NumPy also has a matrix type called matrix or mat for one- and
two-dimensional arrays:

>>> import numpy as np
>>> x1 = np.array([1, 2, 3], float)

>>> x2 = np.matrix(xl) # or mat(xl)
>S> x2 # row vector
matrix([[ 1., 2., 3.11)
>>> x3 = x2.transpose() # column vector
>>> x3
matrix([[ 1.7,

[ 2.7,

[ 3.1D

>>> type(x3)
<class ’numpy.matrixlib.defmatrix.matrix ™
>>> isinstance(x3, np.matrix)

True




Matrix Objects

The matrix-matrix, vector-matrix, or matrix-vector product:

>>> A = eye(3) # identity matrix , also we can use identity (3)
>>> A
array([[ 1., 0., 0.],
[6., 1., 0.7,
[ 0., 0., 1.1D
>>> A = mat(A)
>>> A
matrix([[ 1., O 0.1,
[ 0., 1., 0.7,
[o6., 0., 1.1D
>>> y2 = X2xA # vector —matrix product
>>> y2
matrix([[ 1., 2., 3.11)
>>> y3 = Axx3 # matrix —vector product
>>> y3
matrix ([




Matrix Objects

One should note here that the multiplication operator between
standard ndarray objects is quite different:

>>> Axx1

# no matrix —array product!

Traceback (most recent call last):

ValueError: matrices are not aligned

>>> # try arrayxarray product:
>>> A = (zeros(9) + 1).reshape(3,3)

array([[ 1.,
[1

[ 1.,
>>> Axxl
array ([[ 1.

[ 1.,
[1.,
>>> B = A +
>>> AxB
array ([[
[
[
>>> A =m
>>> AxB
matrix ([

1
1
1

NN DN

1.
1.
1.

3
3.
3

# [A[O0,:]%x1, A[1,:]%x1,

# element —wise product

t(B)

# matrix —matrix product

A2 ,:]*xx1]




dot product of arrays

>>> A=np.array([[1,2],[3,4]1D)
>>> B=np.array([[2,4],[4,4]1])

>>> A%xB

array ([[ 2, 8],
[12, 16]11)

>>> A

array ([[1, 2],
[3, 41D

>>> B

array([[2, 4],
[4, 41D

>>> np.dot(A,B) # it is matrix product
array ([[10, 127,
[22, 28]11)
>>> Am=np.matrix(A)
>>> Bm=np.matrix(B)
>>> Am*Bm
matrix([[10, 12],
[22, 2811




dot product of arrays

np.dot can act as dot product of two vectors:

>>> a=np.array([1,2,3])
>>> b=np.array([2,4,3])
>>> np.dot(a,b)

19

np.dot can use also as follows:

>>> a.dot(b)
19

>>> A=np.array([[1,2],[3,4]1])
>>> B=np.array([[2,4],[4,4]1])
>>> C=np.array([[1,3],[3,5]11)
>>> A.dot(B).dot(C)
array ([[ 46, 907,
[166, 206]11)
>>> Am=np.matrix(A)
>>> Bm=np.matrix(B)
>>> Cm=np.matrix(C)
>>> Amx+Bmx«Cm
matrix([[ 46, 907,
[106, 206]11]1)




S>> np.eye(5) # 5xb Identical matrix

array([[ 1., 6., 0., 0., ©0.],
[o®., 1., 0., 0., 0.],
[6., 6., 1., 0., 0.],
[6., 6., 0., 1., 0.7,
[ 6., ©0., 0., 0., 1.1D

>>> np.ones(5)

array([ 1., 1., 1., 1., 1.1)

>>> np.diag([4,2,3]) # 3x3 diagonal matrix
array ([[4, 0, 0],

[e, 2, 01,

[6, 6, 31D
>>>




>>> np.diag([10,2,4],1)
array([[ 0, 10, 0, 0],

Lo, o, 2, 0],
[ 6, 06, 0, 4],
[ o, O, 6, 0]D
>>> np.diag([10,2,4],-1)
array([[ 6, 0, 0, 0],
19, 0o, 0, 0],
[e, 2, 0, 0],
[o, o, 4, 01D

>>>

Also we can pick diagonal element with diag:

>>> A=np.array([[2,3,5],[1,4,1]1,[2,4,11])

>>> A

array([[2, 3, 5],
[1, 4, 17,
[2, 4, 11D

>>> np.diag(A)

array([2, 4, 11)




>>> np.random.rand ()

0.14176743230683708

>>> np.random.rand(4,4)

array([[ 0.65830469, 0.04210806, 0.7115102 , 0.02581672],
[ 0.39467673, 0.47257193, 0.98651384, 0.00791865],
[ 0.66119377, 0.80399312, 0.07773608 , 0.14450883],
[ 0.27636948, 0.04903494, 0.27021341, 0.55847552]1)

>>




array (1d)
asarray(d )

zeros(n)

zeros(n, int)
zeros((m,n))

zeros (x.shape, x.dtype)

linspace(a,b,m)

a.shape

a.size

len(a)

a.reshape(3,2)

ali]

afi,j]

a[l:k]

al[l1:8:3]

b = a.copy(Q

sin(a), exp(a), .

c = concatenate(a, b)
¢ = where(cond, al, a2)
isinstance(a, ndarray)

copy list data 1ld to a numpy array

make array of data d

(copy if list, no copy if already array)
make a float vector/array of length n, with
make an int vector/array of length n with ze
make a two—dimensional float array with shap
make array of same shape as x

and same element data type

uniform sequence of m numbers between a and
(b is included in the sequence)

tuple containing a’s shape

total no of elements in a

length of a one-dim. array a (same as a.shap
return a reshaped as 2 x 3 array

vector indexing

two—dim. array indexing

slice: reference data with indices 1,. . . ,
slice: reference data with indices 1, 4,.
copy an array

numpy functions applicable to arrays

c contains a with b appended

c[i] = al[i] if cond[i], else c[i] = a2[i]
is True if a is an array




Connections between Python, Numpy, Matplotlib, Scipy ...

Pandas

Matplotlib

https://www.python- course. eu/num

ical_programming_with_python.php



https://www.python-course.eu/numerical_programming_with_python.php

Python, An Alternative to Matlab

Matplotlib

https://www.python- course.eu/numerical_programming_with_python.php


https://www.python-course.eu/numerical_programming_with_python.php

Diagonalization using Linear algebra (numpy.linalg)

>>> import numpy.linalg as la

>>> M=np.array([[2,0,0],[0,3,4],[0,4,9]1])
>>> la.det (M)

21.999999999999996

>>> val, vec=la.eig(M)

>>> val # eigvalues

array ([ 11., 1., 2.1)

>>> vec

array ([[ O. , 0. , 1. 1,
[ 0.4472136 , 0.89442719, 0. 1,
[ 0.89442719, —0.4472136 , 0. 1D

>>> vec[:,0] # first eigenvector

array([ 0. , 0.4472136 , 0.894427191)
>>> vec[:,1] # second eigenvector
array ([ 0. , 0.89442719, —0.4472136 1)

>>> vec[:,2] #third
array([ 1., 0., 0.1)




Quizl:spectral decomposition

Check if M is equal to its spectral decomposition:

M = ZNMO(/\H (1)



The matrix file "n_mmp_mat” is a density matrix with two 7x7
matrix with complex elements for spin up and down (Don't worry,
you do not need to know what density matrix is). The file contains
7 columns and 28 rows. Each two numbers in a row shows a
complex number (first one is real part and the second one is
imaginary part). So the first 14 rows make a 7x7 comlex matrix
(for spin up) and anthor 14 rows make an another 7x7 comlex
matrix (for spin down).

Quiz:

By using numpy (you need to know about "loadtxt”, "linalg.eig"),
calculate eigenvectors and eigenvalues of the first "7x7 comlex
matrix”




Solve linear systems with np.solve

(this part is adapted from https://riptutorial.com/numpy)
Consider the following three equations:

x0 + 2 % x1 + x2 = 4
x1 + x2 =3

x0 + x2 =5

We can express this system as a matrix equation A * x = b with:

A = np.array([[1l, 2, 1],
[e, 1, 13,
(1, 0, 111
b = np.array([4, 3, 51)

Then, use np.linalg.solve to solve for x:

x = np.linalg.solve(A, b)

#Out: x=array([ 1.5, —0.5, 3.5])




Solve linear systems with np.solve

A must be a square and full-rank matrix: All of its rows must be
be linearly independent. A should be invertible/non-singular (its
determinant is not zero). For example, If one row of A is a
multiple of another, calling linalg.solve will raise LinAlgError:
Singular matrix:

A = np.array([[1l, 2, 1],
[2, 4, 21, # Note that this row 2 x the first row
(1, 0, 111

b = np.array([4,8,5])

Such systems can be solved with np.linalg.lIstsq.



Least squares solution to a linear system : np.linalg.Istsq

(this part is adapted from https://riptutorial.com/numpy)
Consider the four equations:

x0 + 2 k x1 + x2 =

x0 + x1 + 2 % x2 =

vlw

2 % x0 + x1 + x2 =

x0 + x1 + x2 = 4

We can express this as a matrix multiplication A * x = b:

A = np.array([[1l, 2, 1],
[1,1,2],
[2,1,1],
[1,1,11D

np.array([4,3,5,4])

=2
1l




Least squares solution to a linear system : np.linalg.Istsq

Then solve with np.linalg.Istsq:

x, residuals, rank, s = np.linalg.lstsq(A,b)

x i1s the solution,

residuals is sum of squared residuals; Squared Euclidean
2-norm for each column in b - A * x,

rank the matrix rank of input A,

m and s the singular values of A,

For the above example, residuals can be calculated by the following
equation:

r=0
for i in range(4):

r=r+(np.dot(x, A[i,:])—b[i])**2
print(r)




solving a linear equation

Consider the following data:

To find the best fit line, we should find 6; and 6y (the slope and
intercept) to minimize the following equation:

|61x + 60 — y|?



solving a linear equation

So for m data, we want to satisfy the following equations as much

as possible:
vy = 9,xM 4 g,
y(2) = 91X(2) + (90
y® = 01xB) 46
Y= 0x(™ 4 6

Therefore, we should minimize the difference between y() and
01x\) 4 6y (i.e. least squares solution ):

min ’91X + 90 — _y‘z = min Z(Glx(i) + 00 _ y(l))2
i=1

Here 0; and 6y are unkonw. How do we find 61 and 6y using
np.linalg.Istsq?



solving a linear equation

Find 61 and 6y using np.linalg.Istsq:
Rewrite the linear equation:

NE R y®
@ 1 ] _ ¥
S bo] | :
x(m 1 y(m)

These equations are similar to Ax = b, where

L1 y@
NER 2)
A— . . ,X:[Gl},b: y.
: : to :
«(m 1 (m)

So we can use np.linalg.Istsq to find 81 and 6.



solving a linear equation; example

Create fake linear data:

np.random.seed (42)

x=np.linspace(1l,10,10)
y=2+X+5+3.5«np.random.rand(len(x))

plt.plot(x,y,’0’)
plt.xlabel("x")
plt.ylabel("y")




solving a linear equation; example

Creat A, b:

A=np.hstack([np.c_[x],np.c_[np.ones(len(x))]1])
print (A)

[

sl lan e e e b T P To |
DOONOUVTR WN -
e e e
[T TR T TR TR TR TR TR

[

b=np.c_[y]
print(b)

[[ 3.31089042]
7.32750007]
8.5619788 1]
9.09530469]
0.54606524]
2.54598082]
4.20329264]
9.03161651]
[20.10390254]
[22.47825402]]




solving a linear equation; example

Solving Ax = b:

theta=np.linalg.lstsq(A,b)[0]
print(theta)

[[1.9915949 ]
[6.86670665]]




solving a linear equation; example

Plot the line:

ypredict= theta[0][0]x+x+theta[1][0]
plt.plot(x,y,’0’)
plt.plot(x,ypredict)




extend to the multilinear equations

Yy = 0D 00D - 6
y® = 0x? 40P + - 1 6
y® = 0x® 1 0¥ + - 1 6
Y = 0™ + 008 4+ + 6o
(2)
X:El) xz(l) e 1 0, y@
X§2) X2(2) | . 0, B y(2)
Xfm) X2(m) 1 o (m)



Further reading

m https://github.com/jrjohansson/scientific-python-lectures

http://nbviewer.ipython.org/urls/raw.github.com /jrjohansson/scient
python-lectures/master/Lecture-2-Numpy.ipynb

http://docs.scipy.org/doc/numpy/reference/arrays.ndarray.html
m http://docs.scipy.org/doc/numpy/reference/routines.array-
creation.html

http://docs.scipy.org/doc/numpy/reference/generated /numpy.matri:

http://docs.scipy.org/doc/numpy/reference/arrays.ndarray.html



Curve Plotting: matplotlib.pyplot

import matplotlib.pyplot as plt

import numpy as np

def f(t):
return tx*k2knp.exp(—t**2)
t = np.linspace(®, 3, 51) # 51 points between 0 and 3
y = np.zeros(len(t)) # allocate y with float elements
y = £(t) # vectorization

plt.plot(t, y)
plt.show()




matplotlib.pyplot: title, legend, axis, savefig

plot(t, y)

xlabel('t’)

ylabel(’y’)

legend ([’ tA2%exp(—tA2) 1)

axis ([0, 3, —0.05, 0.6]) # [tmin, tmax, ymin, ymax]
title(’My First Matplotlib Demo’)

savefig(’tmpl.eps’) # produce PostScript
savefig(’tmpl.png’) #producePNG

show ()




Plotting Multiple Curves

import matplotlib.pyplot as plt
import numpy as np

def f1(t):

return tx+2+np.exp(—t*x2)
def f2(t):

return tx«x2x«f1(t)
t = np.linspace(®, 3, 51)

yl = £f1(t)

y2 = f2(t)

plt.plot(t, y1, 'r-")

plt.plot(t, y2, ’bo’)

plt.xlabel(’'t’)

plt.ylabel(’'y’)

plt.legend([’tA2+exp(—tA2)’, "trxexp(—t*2)’]1)
plt.title(’Plotting two curves in the same plot’)

plt.show()

In these plot commands, we have also specified the line type: r-
means red (r) line (-), while bo means a blue (b) circle (o) at each
data point.



Matplotlib colors

Using single letter:
m b: blue
m g green
mr red
c: cyan

m: magenta

k: black

(]
(]
m y: yellow
(]
m w: white



Matplotlib colors

Using RGB:

import matplotlib.pyplot as plt
import numpy as np

x=np.linspace(®,2«np.pi)
plt.title("Using RGB for color™)
plt.xlabel("x")

plt.ylabel("y")

plt.plot(x,np.sin(x), color=(1.0, 0.0 ,0.0),
label="Red’, lw=4.0)
plt.plot(x,np.cos(x), color=(0.0, 1.0 ,0.0),

label="Green’, 1lw=4.0)
plt.plot(x,np.cos(x-0.5),color=(0.0, 0.0 ,1.0),
label="Blue’, 1lw=4.0 )
plt.plot(x,np.sin(x-0.5),color=(0.7, 0.25,0.25),
label="0.7R+0.25G+0.25B",
1lw=4.0)
plt.legend()
plt.show()




Placing Several Plots in One Figure

import matplotlib.pyplot as plt
import numpy as np

def f1(t):

return tx+2+np.exp(—t*x2)
def f2(t):

return tx«x2«f1(t)

plt.figure() # make separate figure
plt.subplot(2, 1,

t = np.linspace(0®, 3, 51)

vyl f1(t)

y2 f2(t)
plt.plot(t, y
plt.xlabel ('t
plt.ylabel(’'y
plt.axis([t[0], t[-1], min(y2)-0.05, max(y2)+0.5])
plt.legend([’tA2«exp(—t*2)’, ’trxexp(—t*2)’])
plt.title(’Top figure’)

plt.subplot(2, 1, 2)

t3 t[::4]

y3 £2(t3)

plt.plot(t, y1, "b-", t3, y3, 'ys’)
plt.xlabel(’'t’)

plt.ylabel(C'y’)

plt.axis([0®, 4, -0.2, 0.6])
plt.legend([’t*2+exp(—tA2) ", "trxexp(—t*2)’1)
plt.title(’Bottom figure’)

plt.savefig(’tmp4.eps’)

plt.show()

'r-’, t, y2, ’'bo’)

-

1
]




Matplotlib; Pyplot

The Matplotlib developers do not promote the matplotlib.pylab
interface. Instead, they recommend the matplotlib.pyplot module
and prefix Numerical Python and Matplotlib functionality by short
forms of their package names:

import numpy as np

import matplotlib.pyplot as plt

The commands in matplotlib.pyplot are similar to those in
matplotlib.pylab.

plt

plt.
.xlabel(’'t’)
.ylabel(’y’)
.axis([®, 3, —0.05, 0.61) # [tmin, tmax, ymin, ymax]
plt.

plt
plt
plt

plt.
plt.

.plot(t, y)

legend ([’ tr2%kexp(—t+r2)°1)

title(’My First Matplotlib Demo’)
show ()
savefig(’tmp2.eps’) # produce PostScript
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Plotting data in a file

By using "loadtxt” we can convert the data to the array:

from numpy import loadtxt

from matplotlib.pyplot import plot,xlabel,ylabel,xlim,show, legend
r, S3, P2, S2, S1 = loadtxt(’ldl.wfc’, unpack = True)
xlabel ("r")

ylabel ("Psi(r)")

x1im(0,10)

plot(r,S3,"g—")

plot(r,P2,"r—")

plot(r,S2,"b—")

plot(r,S1,"y")

legend((’3S’, ’2P’, ’2S’, ’1S’), shadow=True )

show ()




Plotting data in a file

We use "unpack=True", to separate data in to columns: r, S3, P2,
S2, S1.

We can directly load all data to one variable: "alldata=
np.loadtxt("ld1.wfc")".

Then the first column is "alldata[:,0]", the second is "alldatal[:,1]"
and so on.



matplotlib; logarithmic plot

From pylab examples: log_demo.py

import numpy as np
import matplotlib.pyplot as plt

plt.subplots_adjust (hspace=0.4)
t = np.arange(0.01, 20.0, 0.01)

# log y axis

plt.subplot(221)
plt.semilogy(t, np.exp(-t/5.0))
plt.title(’ semllogy )
plt.grid(True)

# log x axis
plt.subplot(222)

plt.semilogx(t, np.sin(2«np.pi«t))
plt.title(’semilogx’)
plt.grid(True)

log x axis

plt sub 10t(223)

plt.loglog(t, 20«np.exp(-t/10.0), basex=2)
plt.grld(True)

plt.title(’loglog base 2 on x’)

# with errorbars : clip non—positive values
ax = plt.subplot(224)

ax.set_xscale("log", nonposx=’'clip’)
ax.set_yscale("log", nonposy=’'clip’)

x = 10. g*énp linspace(0.0, 2.0, 20)
= Xux2.

plt errorbar(x, y, xerr=0.1«x, yerr=5.0 + 0.75«y)

ax.set_ylim(ymin=0.1)

ax.set_title(’Errorbars go negative’)

plt.show()




Simple Idea for Animation using Matplotlib

m Using plt.cla() to clear data and plot (axes)
m Using plt.pasue() to make a delay between plots

m Using plt.axis() to fix axes (not to allow changing according
to data)

import matplotlib.pyplot as plt

n=200
plt.gca().set_aspect (’equal’,adjustable="box’)#equal axes aspect ratic
#mnove a dot alone a line
for i in range(n):
plt.cla() 7#klear axes and data
plt.axis([—1, 1, —1, 11) #&min, xmax, ymin, ymax
plt.plot(i/n,i/n, 'ro’)
plt.pause(0.05)
plt.show()




Simple Idea for Animation using Matplotlib

Another example: move partical with including its path (trajectory)

import matplotlib.pyplot as plt
n=200
plt.gca().set_aspect (’equal’,adjustable="box’)#equal axes aspect ratio
#move a dot alone a line including its trajectory
xtraj=[]
ytraj=[]
for i in range(n):
plt.cla() #clear axes and data
plt.axis([—1, 1, —1, 11) F#&xmin, xmax, ymin, ymax
plt.plot(i/n,i/n, ro’)
xtraj.append(i/n)
ytraj.append(i/n)
plt.plot(xtraj,ytraj, —’)
plt.pause(0.05)
plt.show()




Moving to Object-Oriented Interface

we learned about making plots using a procedural method, e.g.:

plt.figure()
plt.subplot(l, 1, 1)
plt.plot([1, 2, 3, 4])
plt.ylabel (’some numbers’)

To allow more customization, we need to move to a more
object-based way to make the plots. This method involves storing
various elements of the of the plots in variables (these are objects
in object-oriented terminology). The above example becomes:

fig = plt.figure() # create a figure object
ax = fig.add_subplot(l, 1, 1) # create an axes object in the figure
ax.plot([1, 2, 3, 41)

ax.set_ylabel (’some numbers’)

http://wwv.ster.kuleuven.be/~pieterd/python/html/plotting/advanced.html


 http://www.ster.kuleuven.be/~pieterd/python/html/plotting/advanced.html 

Moving to Object-Oriented Interface

This method is more convenient for advanced plots. One of the
biggest advantages of using this method is that it allows users to
easily handle multiple figures/axes without getting confused as to
which one is currently active. For example:

figl = plt.figure(Q)
fig2 = plt.figure(Q)
axl = figl.add_subplot(l, 1, 1)
ax2 = fig2.add_subplot(2, 1, 1)

ax3 = fig2.add_subplot(2, 1, 2)

http://wwv.ster.kuleuven.be/~pieterd/python/html/plotting/advanced.html


 http://www.ster.kuleuven.be/~pieterd/python/html/plotting/advanced.html 

Further reading

m https://matplotlib.org/tutorials/index.html
m https://matplotlib.org/gallery/index.html


https://matplotlib.org/tutorials/index.html
https://matplotlib.org/gallery/index.html
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